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Introduction. Mixes.
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Introduction. LSDA (1)

SYSTEM MODEL

Poissonian inputs

Real profile
. or . Profiles'’ 2
Multinomial inputs P observations estimation Lll
ha Y

P ):{> Previous 171 1 1
(2) = E{f8} I=> | Theoretical D{> MSEg~ — {— p(8) vy (1 - —) + - Zﬂ(ﬂ)] .
AR = = p Lu(®) 45 t)  t4g Theoretical
Pmssomoarn inputs D> Formula MSE
Multinomial inputs 1 1 Q
2 > 1>MSE%—-— R)v
):{> @ B0 ule) (aeg # )13)
./
. J




Real data:

Emails

1251 4156 1230 5641
475 894 641 231 5641 5
54 6 5456 456 156316 5
5641 56 456 4 56456489
4894894 5489404 848 &
475489 489 489 489489
8419 849 489 54 23198 3
5 93321897 61 Y874 6
4891125548 123 789
18 178 25748918979

220.000 emails sent between employees of Enron Corporation.

http://www.cs.cmu.edu/~./enron/

Location

1251 4156 1230 5641
475 804 641 231 5641 5
54 6 5456 466 156316 5
5641 56 456 4 56456489
41891894 548919 818 8|
475489 469 489 48048
849 819 4189 51 23198 3
5 03521897 61 Y874 &
48 9 1123 548 125 789
18 178 25748918979

400.000 location check-ins from Gowalla social networking website.

http://snap.stanford.edu/data/loc-gowalla.html

Mailing List

1251 4156 1220 5641 H H H H H H
180.000 posts to the public mailing lists of Indimedia
54 65450 456 156316 5

5641 56 456 4 56456489
4894804 5489404 348 g
475489 48Y 489 489489)
849 849 489 54 23198 3|
5 93521897 61 Y874 6
48 9 1 123 548 123 789
18 178 25748918979

http://lists.indimedia.org/



Motivation: LSDA’s analysis falls short
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Real-World Behavior. Input process.

# occurrences

# occurrences

B EFORE

Fxample: Emails dataset
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We only need
certain moments!

p(8) = E{[} L»E

(%)
p2(2) = E {(@-E{@})?}
13(8) = E{(@-E{@})*}
pa(8) = E {(@-E{@})*}
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Real-World Behavior. Output process.

Average number of receivers chosen

1.85 1.03 1.29

Multinomial choice 2.71 1.05 1.46 maximum variance
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New Theoretical Analysis (1)

Emails

Multinomial output
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New Theoretical Analysis (Il)
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Thank you!!

simonoya@gts.uvigo.es
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